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Abstract

Medical images require image analysis to observe human organs and diagnose diseases, and it is difficult to find
an accurate location in medical images for the pancreas overlapped with other organs and smaller among various
areas. In this paper, we propose a multi-chain U-Net (MCU-Net) model that can more accurately segment the
position of the pancreas in abdominal images through machine learning. The proposed model is a model that
chain-combines several U-Net structures in the final layer with patches of various sizes, and proposes the most
effective MCU-Net through various experiments with ensembles, patch sizes. Comparative experiments with previous
studies show that the accuracy of the proposed multi-connected U-Net model is 91.6%, about 2% higher than that of
the existing U-Net model.
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